LOCAL LEVEL DATA LINKAGE

Probabillistic Record Linkage Algorithm: a pilot study

Data linkage plays a key role in improving primary health outcomes by enabling individual
health trajectories.

Deterministic record linkage is often not possible in the absence of a common identifier
between multiple data sources. This study used a local-level probabilistic approach to link
records in different settings.

A complete picture of individual trajectories help clinicians and policy makers to reduce
adverse health outcomes and improve health and wellbeing in the community

KEY FINDINGS AND FUTURE WORK

e Western Sydney Local Health District data sample included 2681
records, and 796 records matched with Western Sydney Primary Health

Network.

e Linkage accuracy exceeded 95% in terms of sensitivity and specificity.

e Future research is underway to scale this work to a wider cohort.

METHODOLOGY

e A hashed key will be generated based on the identifiable information before
data being shared.
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e Probabilistic linkage algorithms will be run for hashed data.
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